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The example of experiment images.
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Figure6 2D and 3D visualization of DBSCAN cluster-
ing results. The numbers in the figure indicate the ”ob-
ject ID”, i.e., the detected YOLO labels.
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Figure7 2D and 3D visualization of k-means clustering
results. The numbers in the figure indicate the ”object
ID”, i.e., the detected YOLO labels.
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Figure8 2D and 3D visualization of DBSCAN cluster-
ing results without Thing2Vec.The numbers in the figure
indicate the "object ID”, i.e., the detected YOLO labels.
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Figure9 2D and 3D visualization of k-means clustering
results without Thing2Vec. The numbers in the figure
indicate the "object ID”, i.e., the detected YOLO labels.
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